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2.2  AttnGAN: Fine-Grained Text to Image Generation with Attentional
Generative Adversarial Network
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Cross-Art Dataset
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Animal

Cityscape

Landscape

Paintings

Poems

In Animal House (by which
title I cal lA dwelling whose
true name isnot that at
all)There are dogs on the
sofasand catson thechairs

I'vegot this geat kid who
just loves all arimals, Cats,
rabits, dog s and ducks;
Shewants to bring
everything ham eAnd ifs
geting rather tough

Nightis lively. Nightis
stuning Nightis
pleasurabic. N
Ekeapplepie.
walking bwards w
Nightwill never end.

This city, this Manstar,
creded. By man himself,
Inges s m &, swallows Me
wholeand Spitsmeout

Aslwalked dlong the path
Cushing grss under wih
wrath, That wanted o
whisper sounds. Let unsail
beyond bounds

How many times wesay or
do. Somethi ng that we
howht wastre. And then
it made ussad

Figure 1: GAN-ATV
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Figure 2: AttnGAN




2.3 Chinese Typeface Transformation with Hierarchical Adversarial Net-
work

fEFHGAN P SCF R AR . (3)

Results on test-set Results on train-set
woe SEBEHEARLAROBATAA | HERUEHIES
AEGG 77 7 y_ Y I ?‘”,:-3 %) 1 A G A # 5B R E R
Pix2Pix ﬁg % & AL % 2 %4 IR F TR "L A AR AR A ’ 3.
o BEERAMAL RANEAREA | KERAALE
e B RGANELEROERAGTEN | EEAABE R
swce B IHFBABY SRENEERN | BB
arce RAMERMEVRSG AR ARG | RHFTHER
ricrc B AP HESDEMREERE | wRH A HOOR
ous B LM EH Kb Kk b KE G | BB A MFROA
s G AR EHR PR RFREGERN R A YR
e HEABJBENERBREZRD TRE | HAHFIKEE
AEGG R R RBIZAE BB REFRS FHZR ¥ K B F Ak & &
rcrs G EEA RN FRURERAGTRE | AN FRLEEE
ows FRAARRAPBRAAERLTRYL | GAHFRKSE
e FRARERAGRBRNERDFREE | WA F K EE

Figure 3: HAN

2.4 Context-Aware Generative Adversarial Privacy
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2.5 Controllable Generative Adversarial Network
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2.6 Crossing Generative Adversarial Networks for Cross-View Person Re-
identification
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Figure 4: ControlGAN

2.7 DEFENSE-GAN: PROTECTING CLASSIFIERS AGAINST ADVER-
SARIAL ATTACKS USING GENERATIVE MODELS
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2.8 Fisher GAN
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2.9 Global and Local Consistent Age Generative Adversarial Networks
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2.10 High-Resolution Image Synthesis and Semantic Manipulation with Con-
ditional GANs
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